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Introduction
In recent years, the field of generative artificial intelligence 

(GenAI) has been dominated by the advent of transformers, 
a deep learning architecture introduced in the 2017 paper 
Attention Is All You Need Transformers dramatically improved 
the ability of AI systems to process and generate sequences of 
data, making them particularly well-suited for natural language 
processing1. OpenAI’s Generative Pretrained Transformers 
(GPT) models, starting with GPT-2 (2019) and progressing to 
GPT-3 (2020) and beyond, represent some of the most advanced 
generative language models. These models, trained on massive 
corpora of text data, are capable of generating coherent, 
contextually appropriate text based on a given prompt. GPT 
models have become widely known for their ability to write 
essays, stories, code and engage in conversations with humans. 

In 2023, OpenAI launched GPT-4, which improved the model’s 
reasoning capabilities and multimodal functionality (the ability 
to process both text and images) 2.

GenAI tools like ChatGPT are powerful and flexible 
resources for second language (L2) learners. In theory, by 
offering personalized, real-time feedback, a vast range of 
interactive content and the ability to engage with the language 
at any time and place, they significantly enhance the language 
learning process3. The combination of conversational practice, 
contextual learning and the ability to receive instant corrections 
and explanations makes GenAI a particularly valuable resource 
for SLA, especially when used alongside more traditional 
methods of language instruction. Recent empirical studies have 
demonstrated that GenAI could benefit the improvement of L2 
skills such as writing, speaking, reading, listening, vocabulary 

Given the potential benefits of generative artificial intelligence (GenAI) for second language (L2) learning, numerous studies 
have explored the factors influencing learners' adoption of GenAI in this context. However, these studies are often constrained 
by the theoretical models they rely on, with no single model fully capturing the social, cognitive and motivational factors that 
shape L2 learners’ GenAI adoption. To address this gap, this study aims to develop a comprehensive model that integrates these 
various factors to more accurately predict this behavioral intention of L2 learners. To this end, we first reviewed five existing 
models that have been applied to explain L2 learners' GenAI adoption: Technology Acceptance Model, Hedonic Motivation 
System Adoption Model, Control-Value Theory, Unified Theory of Acceptance and Use of Technology and the L2 Motivational 
Self System. We then synthesized and refined relevant components from these models to create a Unified Model of Generative 
Intelligence Acceptance (UMGA). This new model, which incorporates seven core components, provides a more holistic and less 
biased framework for understanding the determinants of L2 learners’ GenAI adoption.
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and pragmatics4-8. Besides, it also helps improve psychological 
experience of SLA such as emotions, engagement and self-
efficacy9-11.

As highlighted12, the full realization of the benefits of GenAI 
necessitates the active engagement of L2 learners. In response 
to this imperative, a growing body of research has investigated 
the factors that influence the adoption of GenAI among these 
learners13-15. These studies, based on different theories, help 
researchers understand the factors influencing second language 
learners’ acceptance of GenAI from multiple perspectives. 
However, each theory has its scope of applicability and limitations. 
A single theory may not be able to fully explain the complexity 
of technology acceptance. By integrating multiple theories, 
researchers can address the shortcomings of individual theories 
and develop a more comprehensive analytical framework. 
Therefore, this study aims to review the existing models of 
GenAI acceptance applied to second language acquisition and 
ultimately integrate a new, comprehensive theoretical model, 
namely, a Unified Model of Generative Intelligence Acceptance 
(UMGA) Specifically, this study addresses the following two 
research questions:

RQ1. What models have been used for GenAI acceptance in the 
existing literature on SLA?

RQ2. What is the UMGA like?

Data Resource and Collection
To explore the GenAI acceptance models in SLA, we curated 

the dataset for our study exclusively from the Web of Science as 
of 10 November 2024, based on a set of well-defined criteria. 

Web of Science is among the most widely recognized and 
utilized academic databases worldwide, trusted by researchers 
and institutions for their comprehensive literature coverage. 
This database indexes high-quality scholarly works across a 
broad range of disciplines, including journal articles, conference 
proceedings, books, patents and other influential publications. 
Additionally, it maintains rigorous selection standards to ensure 
the quality and academic significance of the indexed materials. 
With its extensive global reach, reliable data update mechanisms 
and robust cross-language support, Web of Science plays a 
pivotal role in scientific evaluation and academic exchange. 
Thus, choosing this database for our literature analysis ensures a 
comprehensive, timely and precise foundation for our research.

Our data collection process was structured around four key 
criteria: (1) Topic: keywords such as “second language ChatGPT 
acceptance,” “foreign language generative artificial intelligence 
acceptance,” “second language ChatGPT intention,” “foreign 
language generative artificial intelligence intention,” “English 
generative artificial intelligence intention,” and “English 
ChatGPT intention”; (2) Document Type: research articles; (3) 
Language: English; (4) Publication Year: 2022–2024, reflecting 
the period since the launch of ChatGPT in 2022. The initial 
search yielded 264 articles published between 2023 and 2024 
from Web of Science, we then applied the following exclusion 
criteria to refine our selection: (1) articles not directly related 
to GenAI acceptance models in SLA, which may have resulted 
from search algorithm limitations; (2) duplicate articles. After 
applying these filters, we were left with 12 relevant articles 
published between 2023 and 2024 (Table 1).

Table 1: The included studies on GenAI acceptance in SLA.
Author(s) Title Model
1. Dehghani and Mashhadi16 Exploring Iranian English as a foreign language teachers’ acceptance of ChatGPT in English 

language teaching: Extending the technology acceptance model.
TAM

2. Liu and Ma17 Measuring EFL learners’ use of ChatGPT in informal digital learning of English based on the 
technology acceptance model

TAM

3. Liu, et al.18 Exploring AI-mediated informal digital learning of English (AI-IDLE): A mixed-method 
investigation of Chinese EFL learners’ AI adoption and experience

TAM

4. Liu19 Second language writing anxiety and ChatGPT adoption as an automated writing evaluation 
tool

TAM

5. Ma20 Exploring the acceptance of generative artificial intelligence for language learning among EFL 
postgraduate students: An extended TAM approach

TAM

6. Mutammimah, et al.21 Understanding teachers’ perspective toward ChatGPT acceptance in English language teaching TAM
7. Qu and Wu22 ChatGPT as a CALL tool in language education: A study of hedonic motivation adoption 

models in English learning environments
HMSAM

8. Shen and Guo23 “I feel AI is neither too good nor too bad”: Unveiling Chinese EFL teachers’ perceived emotions 
in generative AI-mediated L2 classes

TAM, CVT

9. Tram, et al.24 ChatGPT as a tool for self-learning English among EFL learners: A multi-methods study TAM
10. Xu and Thien25 Unleashing the power of perceived enjoyment: exploring Chinese undergraduate EFL learners’ 

intention to use ChatGPT for English learning
UTAUT

11. Ziqi, et al.26 L2 students’ barriers in engaging with form and content-focused AI-generated feedback in 
revising their compositions

TAM

12. Zou, et al.27 Exploring English as a foreign language learners’ adoption and utilisation of ChatGPT for 
speaking practice through an extended technology acceptance model

TAM

13. Huang and Mizumoto28 Examining the relationship between the L2 motivational self system and technology acceptance 
model post ChatGPT introduction and utilization

TAM, L2MSS

Note: TAM = Technology Acceptance Model; HMSAM = Hedonic Motivation System Adoption Model; CVT = Control-Value 
Theory; UTAUT = Unified Theory of Acceptance and Use of Technology; L2MSS = L2 Motivational Self System.
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Models For Gen AI Acceptance In SLA
Technology acceptance model

Based on our review on the models for GenAI acceptance 
in SLA, the Technology Acceptance Model (TAM) is the most 
widely adopted theoretical framework for understanding and 
predicting how L2 learners come to accept and use GenAI29-31. 
Developed by32, TAM aims to explain the factors influencing 
individuals’ decisions to accept or reject new technologies, 
particularly in the context of information systems. TAM posits 
that individual behavior is shaped by attitudes, which are, in turn, 
influenced by underlying beliefs. Specifically, TAM emphasizes 
how the perceived ease of use and perceived usefulness of a 
technology impact its acceptance by users33.

TAM identifies several key factors that explain how individuals 
adopt and interact with technology. These components are 
crucial for understanding the drivers of technology acceptance. 
The primary elements of TAM include Perceived Usefulness 
(PU), Perceived Ease of Use (PEOU), Attitude Toward Using 
(ATU) and Behavioral Intention to Use (BI) 34.

PU refers to the extent to which an individual believes 
that using a technology will enhance their performance 
or productivity in a given context. When users perceive a 
technology as beneficial, they are more likely to adopt it. For 
example, a software tool that improves task efficiency is seen as 
useful, thereby increasing its acceptance.

PEOU reflects how effortless an individual believes it will 
be to use a technology. The more intuitive and user-friendly the 
technology, the more likely users are to embrace it. A system 
that is easy to navigate encourages comfort and willingness to 
adopt it.

ATU captures users’ positive or negative feelings toward a 
technology, influenced by both its perceived usefulness and ease 
of use. If a technology is viewed as both helpful and easy to use, 
users are likely to develop a favorable attitude toward it, which 
reflects their overall emotional response.

BI represents the user’s intention or willingness to engage 
with the technology, which is a strong predictor of actual usage 
behavior. A positive attitude toward a technology typically leads 
to a stronger intention to use it, thus linking perceptions and 
attitudes to actual behavior.

The relationships between these components unfold as 
follows (Figure 1): PU and PEOU influence ATU, which in turn 
affects BI-the most reliable predictor of actual usage. According 
to TAM, if users perceive a technology as both useful and easy to 
use, they are more likely to have a positive attitude toward it and, 
consequently, are more likely to adopt and continue using it.

TAM has played a pivotal role in understanding how users 
perceive and adopt new technologies. It provides a robust 
foundation for researchers and practitioners to explore the 
psychological and social factors influencing technology usage, 
while offering valuable insights into designing user-friendly and 
effective technologies. Despite its limitations, TAM remains 
a core framework in the study of technology adoption and 
acceptance.
Hedonic motivation system adoption model

The Hedonic Motivation System Adoption Model (HMSAM), 
introduced35, expands upon the TAM to address its limitations in 

explaining the adoption of entertainment technologies like video 
games and social media. Unlike traditional models that focus 
primarily on utility and efficiency, the HMSAM recognizes that 
these technologies also fulfill users’ emotional needs. Hedonic 
Motivation is central to this model, which includes variables 
such as PEOU, PU and BI from TAM, along with Curiosity, Joy, 
Control and Focused Immersion (FI)36. These variables interact 
to influence users’ acceptance of technology.

Figure 1: Theoretical framework of TAM.
Note: PU = Perceived Usefulness, PEOU = Perceived Ease of 
Use, ATU = Attitude Toward Using, BI = Behavioral Intention 
to Use

Curiosity represents a user’s desire to explore new 
technologies, particularly in entertainment applications. It is the 
intrinsic drive that encourages initial use and deeper engagement. 
Joy refers to the pleasure users derive from technology, which, 
unlike perceived usefulness, focuses on hedonic motivation. 
Control is the sense of autonomy users feel while interacting 
with a system, while Focused Immersion (FI) describes the deep 
concentration users experience when immersed in a system.

PEOU influences PU, curiosity, joy and control as it affects 
how users engage with the system. When a technology is easy 
to use, it not only increases users’ perceptions of its usefulness 
(PU) but also encourages them to explore its features (curiosity), 
generates positive emotional experiences (joy) and promotes a 
sense of autonomy and mastery (control). Together, these factors 
enhance user immersion and play a crucial role in driving long-
term adoption behavior (Figure 2).

Figure 2: Theoretical framework of HMSAM.
Note: PU = Perceived Usefulness, PEOU = Perceived Ease of 
Use; BI = Behavioral Intention to Use

Control-value theory

Control-Value Theory (CVT), developed37, provides a 
comprehensive framework for understanding the antecedents 
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of emotions in academic settings. The theory highlights the 
roles of control-value appraisals as the proximal antecedents 
of emotions: control-the student’s perception of their ability 
to influence outcomes-and value-the importance or personal 
relevance a student places on a task-in shaping their emotional 
experiences in learning environments.

Control refers to how much influence students believe they 
have over the outcomes of their learning efforts. When students 
feel that they have control over their learning, they tend to feel 
more competent and motivated. Conversely, if they perceive 
little control, they may experience negative emotions such as 
frustration or helplessness. Value, on the other hand, pertains to 
the importance a student assigns to a particular task. This can 
be intrinsic (e.g., enjoyment of the task) and extrinsic (e.g., its 
usefulness for future goals). Tasks that are highly valued are 
more likely to engage students and boosting effort.

Emotions play a central role in CVT. Positive emotions, 
such as joy, pride and interest, are associated with increased 
motivation and improved academic performance. These 
emotions are more likely to arise when students feel both a sense 
of control over their learning and a high value for the task at 
hand. On the other hand, negative emotions such as anxiety, 
boredom and frustration can diminish motivation and hinder 
academic achievement. These negative emotional responses 
often occur when students feel they lack control or do not find 
the task to be personally meaningful.

In addition to control and value, CVT also recognizes the 
role of distal antecedents in shaping students’ emotions, which 
refer to broader, long-term influences (e.g., early experiences, 
personality traits or societal factors) that shape how individuals 
perceive control and value in achievement contexts, which in 
turn influence their emotional experiences and reactions. These 
distal factors help explain why some people might respond more 
positively or negatively to achievement situations based on their 
previous experiences and general beliefs.

In summary, CVT emphasizes the dynamic relationship 
between control and value in determining the emotional 
responses that influence learning outcomes (Figure 3). By 
addressing these factors, educators can better support students, 
fostering positive emotional experiences and enhancing 
motivation, which ultimately contributes to improved academic 
performance38.

Figure 3: Theoretical framework of CVT.
Note: IV = intrinsic value, EV = extrinsic value, Em = emotions

Unified theory of acceptance and use of technology

The Unified Theory of Acceptance and Use of Technology 
(UTAUT), introduced by39, offers a comprehensive framework 

designed to explain and predict user acceptance of new 
technologies. This model integrates elements from several 
previous theories of technology adoption and use (e.g., TAM), 
aiming to provide a unified approach that highlights the key 
factors influencing technology adoption.

The UTAUT model identifies four main constructs that 
directly impact users’ intentions and behaviors toward adopting 
new technology. Performance Expectancy (PE) refers to the 
extent to which an individual believes that using a particular 
technology will improve their job performance or productivity. 
This concept is similar to PU in TAM, emphasizing the anticipated 
benefits in terms of task efficiency. Effort Expectancy (EE) 
reflects the perceived ease of using the technology, essentially 
measuring how much effort an individual thinks are required for 
adoption. This construct parallels PEOU in TAM, highlighting 
the importance of the technology being user-friendly. Social 
Influence (SI) represents the degree to which an individual 
perceives that significant other, such as peers, colleagues or 
family members, believe they should use the technology. This 
construct underscores the role of social norms and peer pressure 
in shaping technology adoption decisions. Finally, Facilitating 
Conditions (FC) refer to the perceived availability of necessary 
resources, infrastructure or support (such as hardware, software 
or training) that enable the effective use of the technology. This 
includes access to technical support and any other required 
resources that facilitate successful adoption.

Together, these four constructs influence the key outcome: 
BI (Figure 4). The UTAUT model provides valuable insights 
for both researchers and practitioners by identifying the factors 
that drive technology adoption across different contexts and 
user groups. The model has been widely applied in various 
fields, including e-commerce, healthcare, education and mobile 
technology adoption, making it a robust tool for understanding 
the factors that determine technology acceptance and use in 
modern settings40-43.

Figure 4: Theoretical framework of UTAUT.
Note: PE = Performance Expectancy, Effort Expectancy (EE); 
BI = Behavioral Intention to Use

L2 Motivational self-system

Unlike models such as TAM, HMSAM and UTAUT, which 
are rooted in management theory, the L2 Motivational Self 
System (L2MSS) is a psycholinguistic framework. Proposed44, 
L2MSS offers a theoretical approach to understanding 
motivation in SLA. It is built on the notion that L2 learning 
motivation can be explained through three key components: the 
ideal L2 self, the ought-to L2 self and the L2 learning experience. 
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However, most research tends to focus on the ideal L2 self and 
the ought-to L2 self, while giving relatively little attention to 
the L2 learning experience45-47. This imbalance arises because 
the first two components are rooted in the Self-Discrepancy 
Theory from psychology, which is closely tied to motivation and 
easier to measure. In contrast, the L2 learning experience is a 
more complex concept that includes factors such as the learner’s 
specific learning process, context, strategies and emotional 
responses. These aspects are difficult to standardize or quantify 
into a universally applicable measurement tool. Although the 
learning experience does influence motivation and learning 
outcomes, its complexity often results in it being oversimplified 
or overlooked in theoretical research.

The ideal L2 self refers to the learner’s vision of themselves 
as a proficient second language speaker. It encompasses their 
aspirations and personal goals for mastering the language. 
Motivation is driven by the desire to become this ideal version 
of oneself, often fueled by intrinsic factors such as personal 
values, cultural interests or career objectives. On the other 
hand, the ought-to L2 self reflects the learner’s perception of 
external pressures or expectations related to language learning. 
This includes the demands of others-such as parents, teachers, 
employers or society-who may expect the learner to acquire 
certain language skills. Motivation in this case stems from the 
desire to meet these external expectations and avoid negative 
consequences, such as social or professional failure.

L2MSS highlights the role of identity and self-concept in 
motivating language learners. It suggests that learners are more 
likely to be motivated to study a second language when they 
have a clear vision of their future self as a competent speaker 
(the ideal L2 self) or when they feel a sense of obligation to 
meet external expectations (the ought-to L2 self). L2MSS has 
gained significant influence in SLA research, as it expands 
the understanding of motivation beyond traditional models. It 
integrates both intrinsic (self-driven) and extrinsic (externally-
driven) factors into a comprehensive framework (Figure 5).

Figure 5: Key components of L2MSS.

Establishing Unified Model of Genai Acceptance 
(UMGA) In Sla
PEOU, control and EE

The concepts of PEOU in TAM, control in CVT and HMSAM 
and EE in UTAUT indeed overlap to some extent. In TAM, 
PEOU reflects an individual’s perception of how easy a task or 
technology is to operate. In CVT, the sense of control of the 
task significantly influences emotions and motivation. If a task is 
perceived as easy, students are more likely to experience a sense 
of control, thus promoting positive emotions and motivation.

In HMSAM, control emphasizes an individual’s sense 

of mastery over their learning process and outcomes. When 
individuals perceive control, they typically exhibit higher 
motivation and better learning outcomes. This is similar to the 
perceived control in CVT, both focusing on how one’s perception 
of controlling their behavior outcomes influences emotions and 
motivation.

In UTAUT, EE is the expectation of how easy it will be 
to complete a task or use a technology. This concept overlaps 
with perceived control in CVT. If an individual expects a task 
or technology to be easy, they are more likely to feel a sense of 
control in the task, thus enhancing motivation.

In summary, the concepts of control in CVT are more 
encompassing. Perceived control can include PEOU in TAM, 
control in HMSAM and EE in UTAUT.

PU, PE, intrinsic value, extrinsic value, ideal L2 self and 
ought-to L2 self

The concepts of PU in TAM, value in CVT, PE in UTAUT 
and ideal L2 self and ought-to L2 self in L2MSS indeed 
overlap to some extent. PU refers to the perception of the task 
or technology’s utility in achieving personal goals. In CVT, the 
extrinsic value of the task significantly influences emotions 
and motivation. If a task is perceived as useful, students are 
more likely to experience a sense of task value, thus promoting 
positive emotions and motivation.

In UTAUT, PE refers to the belief that using a technology 
or completing a task will help individuals achieve their goals. 
This concept also overlaps with extrinsic value in CVT. If an 
individual expects a task or technology to be beneficial, they are 
more likely to feel a sense of value in the task, thus enhancing 
motivation.

In L2MSS, ideal L2 self represents an individual’s ideal vision 
of their SLA, while ought-to L2 self refers to the perception of 
external expectations (e.g., from teachers, parents) regarding 
language learning. These concepts overlap with intrinsic value 
and extrinsic value in CVT, as both involve how individuals 
connect language learning to their long-term goals or external 
expectations, influencing their motivation.

In summary, Extrinsic value can encompass PU in TAM, 
PE in UTAUT and ought-to L2 self in L2MSS. Lastly, intrinsic 
value can cover the ideal L2 self in L2MSS.

SI, FC and distal antecedents

In the context of CVT, distal antecedents refer to the long-
term, background or contextual factors that shape individuals’ 
emotional experiences in achievement-related contexts, though 
they are not immediate triggers of specific emotional reactions. 
These distal antecedents set the stage for more immediate 
emotional responses and can include factors such as early life 
experiences, cultural or societal influences and personality traits. 
They influence how individuals perceive their control over 
outcomes and the value they place on tasks, which in turn affects 
their emotional responses, such as enjoyment, anxiety or pride. 
Distal antecedents thus provide the broader context that shapes 
individuals’ motivation and emotional reactions to achievement 
tasks over time.

Interestingly, there are conceptual overlaps between 
facilitating conditions in UTAUT, social influences in UTAUT 
and distal antecedents in CVT. All these factors influence an 
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individual’s behavior indirectly, through contextual or external 
influences. Facilitating conditions in UTAUT are external 
factors that make a task easier to complete, thus impacting 
an individual’s sense of control. Similarly, distal antecedents 
in CVT shape perceptions of control by providing a broader 
context, such as early experiences or societal expectations, that 
influences emotional responses and motivation in achievement 
settings.

In addition, social influences in UTAUT overlap with distal 
antecedents in CVT, particularly with respect to how social 
and cultural factors indirectly shape an individual’s perception 
of control and value. Social expectations, cultural norms and 
support systems can all influence how much an individual values 
a particular task and how much control they believe they have 
over its outcome. These influences, whether intrinsic or extrinsic, 
can significantly affect an individual’s motivation to engage in a 
task, reflecting the broader role of distal antecedents in shaping 
emotional responses and achievement-related behaviors.

Unified Model of GenAI Acceptance
Building on the previous analysis, we have developed the 

Unified Model of GenAI Acceptance (UMGA) by integrating 
components from TAM, HMSAM, UTAUT and L2MSS. The 
UMGA consists of 7 key components: FC, SI, ideal L2 self, PU, 
PEOU, Joy and BI. The relationships among these components 
are illustrated in (Figure 6).

According to CVT, FC and SI are distal antecedents that 
shape emotions, such as joy in HMSAM. These antecedents 
influence emotional responses by affecting an individual’s 
PEOU, which relates to their sense of control over GenAI and 
the intrinsic (ideal L2 self) and extrinsic values (PU) they assign 
to it. Specifically, SI affect how users perceive their ability to use 
GenAI (PEOU), while SI affects ideal L2 self (intrinsic value) 
and PU (extrinsic value) of GenAI. Furthermore, based on 
UTAUT, both FC and SI can directly impact BI, which represents 
the user’s intention to adopt or use GenAI. In terms of PU, which 
is associated with the ought-to L2 self (extrinsic motivation), the 
HMSAM model suggests that PU not only influences joy but 
also has a direct impact on BI. In TAM, PEOU (which is closely 
linked to the user’s sense of control) also has a direct effect on 
both PU and BI48.

It should be noted that in developing HMSAM, key 
modifications were made to align the model with long-term goal 
achievement, particularly in mastering GenAI and improving L2 
skills. Curiosity was removed from the model, as it is seen as 
a secondary factor supporting exploration rather than a central 
driver. The focus shifted to the “ideal L2 self,” a motivational 
construct reflecting an individual’s future vision, which plays a 
more central role in sustained motivation for long-term goals. 
Similarly, attitude was also removed, since it was found less 
predictive of technology usage compared to PE and EE. These 
changes align the model with UTAUT, which excludes attitude 
for a more direct, actionable framework on technology adoption. 
Additionally, immersion was removed from HMSAM. While it 
can enhance learning, it is not a central factor influencing BI in 
our model.

To sum up, UMGA synthesizes these models to show that FC 
and SI play key roles in shaping emotions (like joy) and BI, with 
PEOU and value (both intrinsic and extrinsic, namely ideal L2 
self and PU) acting as mediators. 

Figure 6: Theoretical framework of UMGA.
Note: FC = facilitating conditions; SI = social influence; IL2S 
=ideal L2 self; PEOU = perceived ease of use; PU = perceived 
usefulness; BI = behavioral intention. 

Discussion
UMGA developed in this study is a comprehensive and 

innovative framework that integrates multiple established 
models to understand the adoption of GenAI, particularly in the 
context of SLA. By focusing on cognitive and emotional and 
social factors and considering long-term motivation, the model 
offers a nuanced view of GenAI adoption (the items for assessing 
the components of UMGA is presented in Appendix). Below are 
key observations and insights regarding the strengths and further 
considerations of UMGA.

Strengths of UMGA
Comprehensive integration of theoretical models

The UMGA draws on the strengths of multiple existing 
models, including TAM, HMSAM, UTAUT and L2MSS. This 
integration allows the model to encompass a wide range of 
factors that influence GenAI adoption, such as FC, SI, PEOU, 
PU, Joy and Ideal L2 Self. This holistic approach makes the 
model highly applicable to GenAI adoption in SLA, where 
technology use is often driven by multiple factors.

Emphasis on emotional and motivational factors

One of the key strengths of the UMGA is its focus on emotional 
responses, particularly Joy and intrinsic motivation through 
ideal L2 self. The inclusion of these factors acknowledges that 
GenAI engagement is not solely driven by cognitive perceptions 
of utility and ease of use but also by emotional satisfaction 
and long-term personal goals. In SLA, where motivation can 
be highly variable, this focus on emotional and identity-driven 
factors can help explain sustained engagement and long-term 
use of technology like GenAI.

Role of social factors in UMGA

By incorporating social factors like FC and SI, UMGA 
becomes a more robust and dynamic model that captures the full 
range of influences on GenAI adoption. These social dimensions 
highlight the importance of not just individual motivations or 
perceived utility but also the social context in which technology 
is used. This makes the UMGA particularly well-suited for 
understanding technology adoption in environments like L2 
education, where social dynamics and institutional support often 
play a decisive role in shaping users’ behavior and attitudes 
toward new technologies.
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Clear pathways and mediating effects

The model clearly outlines how various factors influence 
BI. Social factors like FC and SI influence emotional responses 
(e.g., Joy) and cognitive factors (e.g., PEOU, PU and ideal L2 
self), which then mediate BI. The mediation of PEOU and PU 
and ideal L2 self between social factors and BI provides a clear, 
structured pathway for understanding technology adoption. This 
pathway helps explain why certain users may be more likely to 
adopt and continue using GenAI tools for SLA.

Streamlined framework

By removing constructs like Curiosity, the UMGA becomes 
more streamlined and focused on the core factors that directly 
influence technology acceptance and sustained use. The 
simplification of the model makes it more applicable and easier 
to test empirically, which is essential for its practical application.

Further considerations

As with any new theoretical model, empirical testing is 
crucial to validate the relationships proposed in UMGA. While 
the model’s components make theoretical sense, testing with 
real-world data from GenAI users will be essential to determine 
the strength of the proposed links between social factors, 
emotional responses, cognitive perceptions and behavioral 
intention. This data could help refine the model and identify 
areas for improvement.

Conclusion
UMGA is an advanced and well-rounded framework that 

offers valuable insights into the factors influencing GenAI 
adoption, especially in the context of SLA. By integrating social, 
cognitive, emotional and motivational components, the model 
provides a holistic understanding of GenAI acceptance. The 
decision to streamline the model by removing less predictive 
constructs, like Curiosity, improves its focus and clarity, making 
it a more effective tool for understanding user behavior. With 
further empirical validation in future studies, UMGA has the 
potential to become a powerful tool for predicting and enhancing 
GenAI adoption in SLA.
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