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1. Introduction
Mergers and acquisitions (M&A) have become a crucial 

strategy for companies seeking to expand their market 
share, acquire new capabilities, and drive growth in today’s 
competitive business landscape. However, the success of an 
M&A deal heavily relies on the effectiveness of the integration 
process, which is often complex, time-consuming, and 
resource-intensive1. Integration managers play a pivotal role in 
orchestrating the integration effort, ensuring that the acquired 
company’s operations, systems, and data are seamlessly merged 
with those of the acquiring company.

One of the most significant challenges faced by integration 
managers is the acquisition of critical data from the acquired 
company. This data, which includes recurring revenue reports, 

customer lists, spend data, product information, and subscription 
details, is essential for understanding the acquired company’s 
business and making informed decisions during the integration 
process. However, the current state of data acquisition in M&A 
integration is often characterized by manual, time-consuming, 
and inefficient processes that heavily rely on the acquired 
company’s resources.

Integration managers often find themselves spending months 
chasing down the right points of contact within the acquired 
company, requesting manual exports of data in the form of 
spreadsheets and reports. This dependency on the acquired 
company’s resources not only prolongs the audit and assessment 
phase of the integration process but also leads to suboptimal 
decision-making and execution.
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The advent of Artificial Intelligence (AI) presents a 
tremendous opportunity for integration managers to revolutionize 
the data acquisition process and unlock the full potential of 
M&A integration. By leveraging AI technologies such as 
Natural Language Processing (NLP), Machine Learning (ML), 
and Large Language Models (LLMs), integration managers 
can automate and streamline the acquisition of both structured 
and unstructured data, reducing the time and effort required to 
gain a comprehensive understanding of the acquired company’s 
operations2.

The goal of this article is to explore the various techniques 
and tools available in the integration manager’s AI toolkit, 
focusing on how AI can be leveraged to reduce the time of the 
audit and assessment phase of the acquisition process by more 
than 50% and eliminate the dependency on manual data exports 
from the acquired company. By examining real-world use cases 
and best practices, we aim to provide integration managers with 
actionable insights and recommendations for implementing AI 
in their M&A data acquisition processes.

2. The Current State of Data Acquisition in M&A 
Integration

The success of an M&A deal hinges on the ability to assess 
the value and potential of the acquired company quickly and 
accurately. This assessment relies heavily on the acquisition 
and analysis of critical data, including financial performance, 
customer information, product details, and operational metrics. 
However, the current state of data acquisition in M&A integration 
is far from optimal, leading to significant challenges and delays 
for integration managers.

2.1. Reliance on manual data exports and spreadsheets

One of the most significant pain points in the current data 
acquisition process is the reliance on manual data exports and 
spreadsheets. Integration managers often find themselves at 
the mercy of the acquired company’s resources, waiting for the 
right points of contact to provide the necessary data in the form 
of Excel files or CSV exports. This manual approach to data 
acquisition is not only time-consuming but also prone to errors 
and inconsistencies.

1. Time-consuming and inefficient processes: The manual 
nature of data exports and spreadsheet-based data acquisition 
means that integration managers spend a significant amount 
of time chasing down the right people, explaining their data 
requirements, and waiting for the requested information to be 
delivered. This back-and-forth communication can take weeks 
or even months, delaying the integration process and hindering 
decision-making.

2. Dependency on acquisition team resources: The reliance 
on manual data exports also means that integration managers are 
heavily dependent on the acquired company’s resources. This 
dependency can be particularly challenging when the acquired 
company has limited resources or competing priorities, leading 
to further delays in the data acquisition process.

2.2. Delays in obtaining critical information

The manual and inefficient nature of the current data 
acquisition process often leads to significant delays in obtaining 
critical information needed for the integration process. Some of 
the key data points that are often subject to these delays include:

1. Recurring revenue reports: Understanding the acquired 
company’s recurring revenue streams is essential for assessing 
the value and potential of the acquisition. However, obtaining 
accurate and up-to-date recurring revenue reports can be a time-
consuming process, particularly when the acquired company has 
multiple revenue sources and billing systems.

2. Customer lists and spend data: Gaining insights into 
the acquired company’s customer base, including customer 
demographics, spend data, and purchasing behavior, is crucial 
for identifying cross-selling and upselling opportunities. 
However, obtaining this data often requires navigating multiple 
systems and databases, which can be a daunting task when done 
manually.

3. Product and subscription information: Assessing the 
acquired company’s product portfolio and subscription models 
is essential for understanding its market position and growth 
potential. However, gathering detailed product and subscription 
information can be challenging, particularly when the acquired 
company has a complex product hierarchy or multiple pricing 
tiers.

2.3. Impact on integration timelines and decision-making

The delays and inefficiencies in the current data acquisition 
process can have a significant impact on the overall integration 
timeline and decision-making process.

1. Prolonged audit and assessment phases: The audit 
and assessment phase of the integration process is critical 
for understanding the acquired company’s operations and 
identifying potential synergies and risks. However, when data 
acquisition is delayed, this phase can drag on for months, 
prolonging the overall integration timeline and increasing the 
risk of deal fatigue3.

2. Suboptimal integration planning and execution: Without 
timely access to critical data, integration managers are forced to 
make decisions based on incomplete or outdated information. 
This can lead to suboptimal integration planning and execution, 
as well as missed opportunities for value creation.

“It is critical to see the forest for the trees during a merger or 
acquisition. Having quality data is key to maintaining unbiased 
visibility into organizational performance; Data Analytics is the 
best way to keep a strategic eye on success criteria and capitalize 
on opportunities quickly”-Tony Dahlager, VP of Account 
Management at Analytics83.

The challenges and inefficiencies of the current data 
acquisition process in M&A integration underscore the need 
for a more streamlined and automated approach. By leveraging 
AI technologies, integration managers can overcome these 
challenges and unlock the full potential of their M&A deals.

Table 1: Summary of the key challenges and impacts of the 
current data acquisition process in M&A integration.

Challenge    Impact

Reliance on manual data exports 
and spreadsheets

Time-consuming and inefficient 
processes
Dependency on acquisition team 
resources. 

Significant delays in obtaining 
critical data points needed for 
integration

Difficulty obtaining financial reports.
Challenges getting customer lists and 
spend data.
Issues gathering product & 
subscription information.
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The negative impact these 
challenges have on integration 
timelines and decision-making

Prolonged audit and assessment 
phases. 
Suboptimal integration planning and 
execution

3. Leveraging AI for Automated Data Acquisition 
The advent of Artificial Intelligence (AI) has opened up new 

possibilities for streamlining and automating the data acquisition 
process in M&A integration. By leveraging AI technologies 
such as Natural Language Processing (NLP), Machine Learning 
(ML), and intelligent data discovery, integration managers can 
significantly reduce the time and effort required to obtain critical 
data from the acquired company’s systems and databases.

3.1. Converting text-based queries into SQL

One of the key challenges in data acquisition is the need to 
translate business requirements into technical queries that can be 
executed against the acquired company’s databases. This process 
often requires close collaboration between integration managers 
and IT teams, leading to delays and miscommunications. 
However, AI-powered NLP techniques can help bridge this gap 
by enabling the automatic conversion of text-based queries into 
SQL statements.

1. Natural Language Processing (NLP) techniques: NLP is a 
branch of AI that focuses on the interaction between computers 
and human language. By leveraging NLP techniques such as 
named entity recognition, part-of-speech tagging, and semantic 
parsing, AI systems can understand the intent behind a text-
based query and extract the relevant entities and relationships4. 
For example, consider the following text-based query:

“Show me the total revenue generated by customers in the 
United States for the past 12 months.”

An AI system trained in NLP can break down this query 
into its constituent parts, identifying the key entities (revenue, 
customers, United States) and the time range (past 12 months). 
This understanding of the query’s intent is the first step towards 
generating an equivalent SQL statement.

2. Intelligent query generation and optimization: Once the 
AI system has understood the intent behind the text-based 
query, it can generate an equivalent SQL statement that can be 
executed against the acquired company’s databases. This process 
involves mapping the identified entities and relationships to the 
appropriate database tables and columns, as well as constructing 
the necessary JOIN and WHERE clauses5. For example, the 
SQL equivalent of the above query might look like:

The AI system can further optimize the generated SQL 
statement by considering factors such as database schema, index 
usage, and query performance. This optimization ensures that 
the query executes efficiently and returns the desired results in 
a timely manner.

3.2. Searching and retrieving data from databases

Once the AI system has generated an optimized SQL 
statement, the next step is to execute the query against the 

acquired company’s databases and retrieve the relevant data. 
However, this process can be challenging, particularly when 
the acquired company has multiple databases and data sources. 
AI-powered data discovery and mapping techniques can help 
overcome this challenge by automatically identifying and 
connecting to the relevant data sources.

1. AI-powered data discovery and mapping: Data discovery 
and mapping involve the identification and cataloging of an 
organization’s data assets, including databases, tables, and 
columns. AI-powered data discovery tools can automatically 
scan the acquired company’s systems and databases, building 
a comprehensive data inventory that includes metadata such as 
data types, relationships, and access patterns6. This inventory 
serves as a map that the AI system can use to locate and retrieve 
the data needed to answer a given query.

2. Efficient data extraction and transformation: Once the 
relevant data sources have been identified, the AI system 
can execute the optimized SQL query and extract the desired 
data. However, the extracted data may not always be in the 
format required for analysis and reporting. AI-powered data 
transformation techniques can help overcome this challenge by 
automatically converting the data into a standardized format, 
such as a flat table or a hierarchical JSON structure7.

Figure 1: AI driven data discovery, extraction, & transformation7.

3.3. Visualizing and analyzing retrieved data

The final step in the data acquisition process is to visualize 
and analyze the retrieved data, enabling integration managers 
to gain insights and make informed decisions. AI-powered data 
visualization and analysis tools can help streamline this process 
by automatically generating charts, dashboards, and reports 
based on the retrieved data.

1. Automated data plotting and dashboarding: AI-powered 
data visualization tools can automatically generate a wide range 
of charts and graphs based on the retrieved data, including 
line charts, bar charts, scatter plots, and heatmaps. These 
visualizations help integration managers quickly identify 
trends, patterns, and outliers in the data, without the need for 
manual data manipulation or coding. Additionally, AI-powered 
dashboarding tools can combine multiple visualizations into a 
single, interactive dashboard, providing a comprehensive view 
of the acquired company’s operations and performance.

2. AI-driven insights and recommendations: Beyond 
data visualization, AI-powered analysis tools can also 
provide integration managers with data-driven insights and 
recommendations. By applying advanced analytics techniques 
such as clustering, anomaly detection, and predictive modeling, 
these tools can identify hidden patterns and relationships in 
the data, as well as forecast future trends and outcomes8. For 
example, an AI-powered analysis tool might identify a segment 
of high-value customers that are at risk of churning, based on 
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their purchase history and engagement levels. The tool could 
then recommend targeted retention strategies to prevent these 
customers from leaving.

“As anyone who has ever examined data manually can attest, 
automated assistance in the EDA process is not just time-saving-
it’s sanity-saving, too! Chasing down odd issues in dirty data can 
be hugely stressful and tedious. AI-powered data acquisition and 
analysis tools are a game-changer for integration managers.” - 
Chen Arbel, Product Manager Pecan8.

The application of AI technologies to the data acquisition 
process in M&A integration has the potential to significantly 
reduce the time and effort required to obtain critical data from the 
acquired company’s systems and databases. By leveraging NLP 
techniques for query generation, AI-powered data discovery 
and mapping for efficient data retrieval, and automated data 
visualization and analysis for insight generation, integration 
managers can streamline the audit and assessment phase of the 
integration process, enabling faster and more informed decision-
making.

4. Handling Unstructured Data with AI
While structured data, such as financial reports and customer 

lists, is essential for M&A integration, unstructured data, such 
as emails, documents, and social media posts, can also provide 
valuable insights into the acquired company’s operations, 
culture, and market sentiment. However, processing and 
analyzing unstructured data is a significant challenge due to its 
diverse formats, lack of standardization, and sheer volume9.

4.1. The challenge of unstructured data in M&A integration

1. Diverse data formats and sources: Unstructured data comes 
in many different formats, such as text documents, images, 
audio files, and videos, and can be scattered across various 
sources, including file servers, content management systems, 
and collaboration platforms9. This diversity makes it difficult to 
apply traditional data integration techniques, which are designed 
for structured data.

2. Difficulty in extracting meaningful insights: Unlike 
structured data, which is organized in a predefined schema, 
unstructured data lacks a clear structure and context, making 
it challenging to extract meaningful insights. For example, 
an email thread discussing a customer complaint may contain 
valuable information about the acquired company’s customer 
service issues, but it may be buried among irrelevant messages 
and requires careful analysis to identify and interpret9.

4.2. Leveraging Large Language Models (LLMs) for 
unstructured data query

Recent advancements in AI, particularly in the field of 
Natural Language Processing (NLP), have enabled new 
approaches to handling unstructured data. One of the most 
promising developments is the emergence of Large Language 
Models (LLMs), which are deep learning models trained on 
vast amounts of text data to understand and generate human 
language10.

1. Text summarization and key information extraction: 
LLMs can be used to automatically summarize long documents 
and extract key information, such as names, dates, and locations, 
making it easier for integration managers to quickly identify 
relevant insights10. For example, an LLM-powered tool could 

analyze a set of due diligence documents and generate a concise 
summary of the key findings, highlighting any potential risks or 
issues.

2. Sentiment analysis and topic modeling: LLMs can also be 
used to perform sentiment analysis, which involves identifying 
the emotional tone of a piece of text, such as whether it is 
positive, negative, or neutral11. This can be particularly useful 
for analyzing social media posts and customer reviews to gauge 
market sentiment and identify potential reputational risks.

Additionally, LLMs can be used for topic modeling, which 
involves identifying the main themes and topics discussed in a 
collection of documents12. This can help integration managers 
quickly understand the key issues and priorities of the acquired 
company and identify potential areas for synergy and integration.

4.3. Integrating unstructured data insights with structured 
data analysis

While LLMs provide a powerful tool for processing 
and analyzing unstructured data, the real value comes from 
integrating these insights with the structured data analysis to 
provide a holistic view of the acquired company’s operations 
and potential.

1. Holistic view of the acquired company’s operations: By 
combining insights from both structured and unstructured data 
sources, integration managers can gain a more comprehensive 
understanding of the acquired company’s operations, including 
its financial performance, customer relationships, and internal 
processes13. This holistic view can help identify potential 
synergies, risks, and opportunities that may not be apparent from 
analyzing structured data alone.

2. Enhanced decision-making and risk assessment: Integrating 
unstructured data insights with structured data analysis can 
also enhance decision-making and risk assessment in M&A 
integration. For example, sentiment analysis of customer 
reviews and social media posts may reveal potential issues with 
the acquired company’s products or services that could impact 
its future revenue growth. By incorporating these insights into 
the financial forecasting and valuation models, integration 
managers can make more accurate and informed decisions about 
the integration strategy and potential risks11.

Figure 2: M&A: Analyzing Unstructured Data with Structured 
Data.
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Handling unstructured data is a critical challenge in M&A 
integration, but recent advancements in AI, particularly 
Large Language Models (LLMs), provide a powerful tool for 
processing and analyzing this data. By leveraging LLMs for 
text summarization, sentiment analysis, and topic modeling, 
and integrating these insights with structured data analysis, 
integration managers can gain a more holistic view of the 
acquired company’s operations and make more informed 
decisions about the integration strategy and potential risks.

5. Implementing AI-Powered Data Acquisition
While the potential benefits of AI-powered data acquisition 

in M&A integration are significant, implementing these 
technologies can be a complex and challenging process. 
Integration managers must carefully plan and execute the 
implementation to ensure that the AI systems are effective, 
reliable, and aligned with the overall integration strategy12.

5.1. Assessing data readiness and quality

One of the first steps in implementing AI-powered data 
acquisition is to assess the readiness and quality of the acquired 
company’s data. This involves evaluating the completeness, 
accuracy, and consistency of the data, as well as identifying 
any gaps or issues that may impact the effectiveness of the AI 
systems7.

1. Data governance and standardization: To ensure data quality 
and consistency, integration managers must establish clear data 
governance policies and standardization processes. This may 
involve defining data standards and formats, establishing data 
quality metrics and thresholds, and implementing data validation 
and cleansing processes8.

2. Addressing data gaps and inconsistencies: In some cases, 
the acquired company’s data may have significant gaps or 
inconsistencies that need to be addressed before the AI systems 
can be implemented. This may involve manual data entry, data 
reconciliation, or data enrichment from external sources10.

5.2. Building the AI infrastructure

Once the data readiness and quality have been assessed, the 
next step is to build the AI infrastructure required to support the 
data acquisition process. This involves selecting the appropriate 
AI tools and platforms, integrating them with the acquired 
company’s data systems, and establishing the necessary 
computing resources and storage capacity.

1. Selecting the right AI tools and platforms: There are many 
different AI tools and platforms available for data acquisition 
and analysis, ranging from open-source libraries to commercial 
software packages. Integration managers must carefully evaluate 
the features, performance, and scalability of these tools to select 
the ones that best fit their specific requirements and budget.

2. Integrating AI with existing data systems: To ensure 
seamless data flow and processing, the AI tools and platforms 
must be integrated with the acquired company’s existing data 
systems, such as ERP, CRM, and data warehouses. This may 
require custom integration development, API configuration, or 
data migration.

5.3. Upskilling the integration team

Implementing AI-powered data acquisition also requires 
upskilling the integration team to ensure that they have the 
necessary knowledge and skills to work with the AI systems and 
interpret the results.

1. Training on AI concepts and techniques: Integration 
managers and team members should receive training on the basic 
concepts and techniques of AI, such as machine learning, natural 
language processing, and data visualization. This training can 
be delivered through online courses, workshops, or in-house 
training programs.

2. Fostering collaboration between integration managers 
and data scientists: To ensure the effective implementation 
and use of the AI systems, integration managers should foster 
close collaboration with data scientists and AI experts. This may 
involve establishing cross-functional teams, regular knowledge-
sharing sessions, and joint problem-solving activities.

In conclusion, implementing AI-powered data acquisition 
in M&A integration requires careful planning, execution, and 
collaboration. Integration managers must assess the readiness 
and quality of the acquired company’s data, build the necessary 
AI infrastructure, and upskill the integration team to ensure the 
effective and reliable use of the AI systems. 

6. Best Practices and Lessons Learned
Here are some best practices and lessons learned for 

integration program managers:

6.1. Start with a clear data acquisition strategy

Before implementing AI-powered data acquisition, 
integration managers should develop a clear strategy that defines 
the objectives, scope, and requirements of the data acquisition 
process9. This strategy should be aligned with the overall 
integration goals and should take into account the specific 
characteristics and challenges of the acquired company’s data 
landscape.

6.2. Prioritize data quality and governance

Data quality and governance are critical success factors for 
AI-powered data acquisition12. Integration managers should 
establish robust data quality management practices, including 
data profiling, cleansing, and validation, to ensure that the AI 
solutions have access to reliable and consistent data. They should 
also implement clear data governance policies and procedures to 
ensure that data is managed and used in a secure and compliant 
manner.

6.3. Adopt an agile approach to AI implementation

Implementing AI-powered data acquisition is not a one-time 
event, but rather an iterative process that requires continuous 
refinement and optimization. Integration managers should adopt 
an agile approach that allows for rapid prototyping, testing, and 
adaptation of the AI solutions based on feedback and lessons 
learned14.

6.4. Foster a culture of continuous learning & improvement

To fully realize the benefits of AI-powered data acquisition, 
integration managers should foster a culture of continuous 
learning and improvement14. They should encourage their teams 
to experiment with new AI technologies, share knowledge 
and best practices, and continuously monitor and measure the 
performance of the AI solutions.

7. Conclusion
The rapid pace of technological advancement and the 

increasing complexity of the business landscape have made 
M&A integration a critical challenge for organizations seeking 
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to grow and compete in today’s market. Traditional approaches 
to data acquisition and analysis, which rely heavily on manual 
processes and human expertise, are no longer sufficient to meet 
the demands of modern M&A integration.

The application of Artificial Intelligence (AI) technologies, 
such as Natural Language Processing (NLP), Machine Learning 
(ML), and Large Language Models (LLMs), can significantly 
accelerate and enhance the data acquisition process in M&A 
integration. By automating the discovery, extraction, and analysis 
of both structured and unstructured data, AI-powered solutions 
can reduce integration timelines, improve data accuracy and 
enable informed decision-making.

However, the successful implementation of AI-powered 
data acquisition requires more than just technology adoption. 
Integration managers must develop a clear data acquisition 
strategy, prioritize data quality and governance, adopt an agile 
and iterative approach to AI implementation, and foster a culture 
of continuous learning and improvement. They must also invest 
in building the right capabilities and partnerships, both within 
their organizations and with external AI vendors and experts.

As M&A activity continues to accelerate in the post-pandemic 
world, the ability to quickly and accurately assess the value and 
potential of acquisition targets will become increasingly critical 
for success. By following these best practices and fostering a 
culture of data-driven decision-making, integration managers 
can unlock the full potential of AI-powered data acquisition, 
drive successful M&A outcomes and create sustainable value 
for their organizations.
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